2" Volume: 05 Issue: 04 | April - 2026
> S ¥
. e

i International Scientific Journal of Engineering and Management (ISJEM)

ISSN: 2583-6129
DOI:10.55041/ISJEM06435

An International Scholarly || Multidisciplinary || Open Access || Indexing in all major Database & Metadata

Al and Ethics in Business Choices

Mrs. P. MUTHUSELVI!, Dr. K. JEYABALAN?, Mrs. M. MENAGA?

1.Assistant Professor, Department of Management Studies, Syed Ammal Engineering College,

Ramanathapuram

2.Associate Professor, Department of Management Studies, Syed Ammal Engineering College,

Ramanathapuram
3.Assistant Professor, Department of Management Studies, Syed Ammal Engineering College,

Ramanathapuram

kokok

Abstract - Out of nowhere, Al shows up in how
companies choose their next steps. It speeds things along,
sharpens forecasts, tailors experiences for customers,
weighs risks better, then shapes long-term plans. Data
piles high - machines sort through it, learn patterns, take
actions without being told each time. Choices happen
quicker now, guided by what numbers reveal instead of
gut feeling alone. Still, depending too much on smart
algorithms brings problems nobody saw coming at first.
One wrong move by a machine can ripple through lives.
Hidden patterns in code sometimes favor one group over
another without warning. When decisions happen behind
closed doors, trust begins to fade. Information once
shared freely now carries unseen costs. Who answers
when systems act beyond their limits remains unclear.
Work once done by hands may slowly shift to silent
algorithms. Questions about fairness surface most where
choices feel automatic. Leadership that cares shapes how
tools are built and used. Rules exist but only matter if
followed every step of the way. Clear views into each
stage of development help keep promises real. Growing
steadily means building on ground that holds weight.

Key Words: Attificial Intelligence, Business Decision-
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1. INTRODUCTION

These days, businesses run differently because of
Artificial Intelligence. Thanks to tools like machine
learning, companies now make choices with more
insight. Instead of guessing, they rely on pattern spotting
through data scans. Clearer predictions come from
systems that learn over time. Customer outreach gets
sharper when algorithms spot what people might want.
Routine jobs? They vanish quietly under smart
automation. Planning ahead feels less risky once

machines join the thinking process.

Even with these benefits, questions about right and
wrong in Al use keep coming up. Biased code, unfair
treatment, hidden decision processes, data misuse,
responsibility gaps - each needs real focus. Staying true
to moral standards, company rules, or legal limits isn’t
optional for organizations using smart machines.

Putting ethics first in Al isn’t a choice anymore - it’s
what keeps people believing in your work over time.
What happens when companies build fair choices into
smart machines without slowing down progress? That’s
where this research steps in.

2. REVIEW OF LITERATURE

2.1 How AI Changes Business Over Time

Business tools using artificial intelligence now do more
than just automate tasks - they predict outcomes while
guiding next steps. According to Davenport and Ronanki
in 2018, smarter workflows emerge when machines assist
thinking, not only doing. Still, moving forward too fast
can backfire if teams skip preparation.

2.2 Algorithmic Bias and Fairness

Outcomes in hiring, lending, or marketing might turn
unfair when data carries hidden slants - Barocas and
Selbst pointed that out back in 2016. Watched too
loosely, algorithms tend to echo old divides, giving
weight to patterns society already struggles to shake.

2.3 Transparency and Explainability

Floridi and his team noted in 2018 that people can only
hold Al accountable if they understand how it works.
When models operate without clarity, confidence slips -
especially among those watching closely. Because of
this, hidden processes tend to push trust downward.

2.4 Data Privacy and Governance

Most artificial intelligence built on data feeds uses details
about people's
pointed out by Zuboff in 2019, raises alarms around how

actions. Surveillance capitalism, as
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personal information gets exploited. Privacy stands a
chance only when clear rules guide who can access what.

3. OBJECTIVES OF THE STUDY

1. To examine the role of Al in business decision-
making.

2. To analyze ethical challenges associated with Al
adoption.

3. To identify the impact of algorithmic bias on business
outcomes.

4. Examining how fair Al methods shape confidence
among those involved.

5. To propose a responsible Al governance framework.

4. HYPOTHESES OF THE STUDY

Business choices move just as fast, even when machines
join the team. Speed stays steady regardless of tech
upgrades nearby. Decisions unfold at their usual pace,
with or without smart systems watching. Tools might
change, yet outcomes keep matching old rhythms.
Efficiency holds firm, untouched by algorithm shifts
around it.

H11: AI adoption significantly
decision-making efficiency.

improves business

HO2: Ethical Al practices do not influence stakeholder
trust.

H12: Ethical Al
stakeholder trust.

practices  positively  influence

Wrong choices hiding in code can tilt company calls.
Hidden flaws shape outcomes behind the
Machines repeat mistakes when fed skewed data.

SCEnes.

Decisions shift without anyone noticing why. Code
follows flawed patterns like a copied handwriting.

H13: Algorithmic bias significantly affects fairness in
business decisions.

5. PROBLEM STATEMENT

Most groups find it hard to handle the moral issues that
come with using Al, even though it helps decisions
happen faster and more correctly. When data reflects
unfair patterns, openness is missing, personal information
gets misused, or oversight fails, problems follow close
behind. Trust fades. Fines appear. The public image takes
a hit, often without warning.

What happens when companies push forward with
artificial intelligence while still doing what's right? This
research looks at ways firms make choices that last
without losing their moral footing. Instead of racing
ahead blindly, some pause to weigh tech progress against
fairness. A few find success by treating ethics as part of
strategy rather than an afterthought. Behind every smart

system lies a human call about risk, trust, and long-term
impact.

6. CONCEPTUAL MODEL

6.1 Independent Variable (IV)
» Data Analytics Integration

» Automation Systems

* Machine Learning Models

* Predictive Decision Tools

6.2 Mediating Factors

* Ethical Governance Policies

* Transparency Mechanisms

* Data Protection Measures

* Employee Awareness and Training

6.3 Dependent Variable (DV)

Ethical and Effective Business Decisions Shown Through
Actions

* Increased Efficiency

* Greater stakeholder trust
* Regulatory Compliance
* Sustainable Growth

Fig -1: Conceptual Model
7. RESEARCH FRAMEWORK / METHODOLOGY

Starting off right means pinning down the core question
before anything else. What drives the choice of subject
matters just as much as the facts gathered later. A solid
setup keeps things moving step by step, making sense
along the way instead of rushing ahead blindly. Looking
into Al and moral questions? Then building a system that
handles tech details alongside human values isn’t
optional - it’s built in from the start. Clarity at the
beginning shapes how everything unfolds, especially
when machines meet principles.

Building the research setup means pinning down what
drives change, what might alter that effect, also what
outcomes appear. This work looks closely at how using
Al shapes fair and smart choices in companies. What
holds things together? Governance steps, openness
efforts, safeguards for information - these shape whether
Al acts responsibly.

7.1 RESEARCH DESIGN

A well-thought-out framework often shapes how studies
unfold. Before any investigation begins, this outline takes
form - mapping out methods for gathering information.
Data sources get chosen through careful consideration of
who or what will be included. Tools meant to capture
results are selected with precision in mind. How answers
are measured matters just as much as the questions asked.
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Analysis follows specific paths designed ahead of time.
Accuracy grows stronger when each step has clear
purpose. Trustworthy outcomes depend on thoughtful
preparation long before conclusions appear.

Some studies lean on numbers. Others explore meanings
behind actions. This one picks number-based approaches.
When things like how much Al gets used, rules around
ethics, whether people believe in systems, or how fast
choices happen can be measured, counting makes sense.
Tools that analyze data let researchers check if guesses
hold up. They also show how different parts connect
when everything follows a clear plan.

7.2 DATA COLLECTION

Gathering information sits at the heart of every research
project. From one path come firsthand details, while
another draws on records already made by others.

From those using artificial intelligence at work - staff,
supervisors, leaders - came firsthand details gathered by
organized forms. Meant to capture specific responses, the
form asked about experiences after rolling out Al
systems. What showed up in replies helped track how
people adapted, reacted, adjusted. Each section targeted
real shifts tied to machine-driven tools in daily
operations. Insights flowed not just from answers but
how they lined up across roles and levels

* Level of Al adoption in business processes

* Perceived ethical risks (bias, privacy, transparency)

* Effectiveness of governance policies

* Impact on stakeholder trust and decision-making
efficiency

Perceptions of those who responded were measured using
a Likert scale approach.

From time to time, insights emerged through pages of
academic journals, tucked between lines of research
papers, old books, gatherings of scholars’ notes, and
trustworthy websites focused on machines that learn,
moral choices in companies, hidden slants in code, and
how organizations steer themselves. Such materials did
not shout but quietly built the backbone of ideas guiding
this work.

7.3 RESEARCH APPROACHES

Starting with theory, this study builds conclusions by
testing ideas against data. At the same time, patterns
spotted during observation help shape new
understanding. One path moves from general rules to
specific cases, while the other grows knowledge from
real-world examples upward. Each method supports the
other, working side by side throughout the process.

From theory to testing, this work builds guesses about Al
ethics and company oversight. Because prior ideas
suggest certain outcomes, those expectations shape the
starting point here. When gathering answers from
participants, each response adds a piece to the puzzle. So
instead of forming new concepts, it checks whether what
we already think holds up. With real-world replies in
hand, analysis begins to weigh belief against evidence.

Starting off, theory comes first. After that, a hypothesis
forms next. Then data gets collected through observation.
Following collection, statistical testing checks the
numbers instead. Finally, conclusions come at the end.
Yet sometimes patterns appeared without being
predicted. These unexpected trends involved ethics and
how stakeholders saw things. So parts of an inductive

method helped make sense of them along the way.

7.4 SAMPLING DESIGN

A way to pick people for research is what sampling
design means. Who gets chosen depends on how this plan
works out. Picking participants follows a specific
approach behind the scenes. The structure of selection
shapes the whole process quietly. How individuals enter
the study reveals the method underneath.

From this pool, 110 people took part in the study. These
participants came from different teams - IT, human
resources, finance, operations - in companies using
artificial intelligence. Selection happened at random,
giving everyone an even chance to join. That approach
helped make results more trustworthy across similar
groups. Picking names without preference supported
fairness throughout the process.

7.5 TOOLS FOR ANALYSIS

Analysis of the gathered information relied on these
specific instruments

1. Simple Percent Analysis
2. Correlation Analysis
3. Factor Analysis

7.5.1 Simple Percent Analysis

Out of every hundred responses, some show concern
about fairness in machine choices. A portion reflects age
groups spread across survey results. One way to see what
stands out is turning numbers into parts of a hundred.
That shift lets patterns emerge without heavy math.
Sometimes, feelings about automated decisions become
clearer through such breakdowns.

7.5.2 Correlation Analysis

One way to check how two things move together is called
correlation analysis. It gives a number, labeled r, that sits
somewhere from minus one up to plus one. When that
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number hits exactly plus one, the link climbs perfectly in
step. A score landing on minus one means they shift
opposite each other completely. If it lands at zero, there's
no pattern connecting them at all.

That equation measures how closely two sets of numbers
move together. It takes each pair of values, subtracts their
averages, then multiplies them one by one. After that, it
adds up those results on top. The bottom part combines
the spread of both data groups separately. Square roots
hold everything together there. Division links numerator
and denominator into a single score. This version avoids
symbols where possible. Still shows every step without
skipping parts

When you look at patterns, it becomes clearer if fair Al
methods link closely to stronger confidence from
stakeholders along with sharper decisions. What matters
is how these elements move together over time, not just
one standing alone.

7.5.3 Factor Analysis

Out of many comes fewer - that’s how factor analysis
works when sorting through piles of data. Instead of
looking at each item alone, it spots patterns where ethical
concerns link with tech traits in subtle ways. One by one,
these connections pull together into clusters, shaped by
resemblance rather than name. These bundles, named
factors, simplify what once seemed tangled beyond
sense.

Whatever affects it could be things like

* Ethical Governance Factor

* Transparency and Accountability

* Data Protection Factor

* Al Efficiency Factor

By simplifying information, this approach reveals key
factors shaping how ethical Al affects long-term business
choices.

8. SCOPE OF THE STUDY

One way to look at this research is through the lens of
ethics when companies use Al to make choices.
Efficiency in decisions shifts as algorithms take part,
sometimes quietly changing outcomes. Transparency
often wobbles under complex code that few can follow.
Fairness comes into question when hidden biases shape
results without notice. Trust among stakeholders bends
depending on how openly systems are shared.

This research looks at certain companies using artificial
intelligence tools like automated systems, learning
algorithms, and forecasting methods. Because these firms
apply such tech daily, their practices offer real insight.

Ethical oversight, secure handling of personal

information, and clear operational rules shape how
responsibly Al gets used. Where these elements exist,
trust grows without slowing progress down. Results
could guide executives and regulators aiming to align
new technology with moral accountability over time.
How choices today affect long-term outcomes becomes
clearer through this lens.

9. LIMITATIONS OF THE STUDY

1. Just under 120 people took part in the survey. That
number shapes what we can learn from it.

2. Looking at companies using artificial intelligence is
what this research does. Not every business type gets
included here - just those running Al systems.
Organizations without such tech fall outside the scope
entirely.

3. How people answer often depends on their point of
view, which can tilt the result. Not everyone sees things
the same way, so answers might lean one direction. What
feels true to someone could miss the broader picture
entirely.

4. Fewer hours meant less chance to look across fields.
Still, some patterns stood out despite the rush.

5. Faster progress in artificial intelligence could shape
what happens later, well past when the research ends.

10. DATA ANALYSIS

Looking at responses started with basic math methods
instead of complex models. Percentages showed what
people thought about Al use in companies. Relationships
between adopting artificial intelligence and fair choices
emerged through number patterns. Tools helped spot
links without guessing reasons behind them. Numbers
pointed to connections where tech use met moral
judgments in business settings.

Table -1: Ethical Issues in AI Decisions

hespondent!

Ethical Issue Percent
Algorithmic Blas 40 36.4%
Data Privacy Risks 28 25.5%
Lack of Transparency 22 20.0%
Accountability Issues 12 10.9%
Job Displacement Concerns 8 7.2%
Total 110 100%

Source: Primary Data
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Chart -1: Ethical Concerns in Al-Based Decision-
Making

Cthical Concems In Al-8ssad Decision-Making

humber of Responcents
»

Lgonthemic Dt Prvecy kot Accountabliny job

Blas Bnkr Trarsparency inwoes Dispacemunt

Ethical lssue

Interpretation

Among those surveyed, algorithmic bias stands out at
36.4 percent as the top ethical worry. Coming next is data
privacy risk - rated at 25.5 percent - not far behind. At
twenty percent, unclear processes draw notable attention
too. Responsibility gaps and workforce changes? They
get less focus overall. Fairness weighs heavy on minds
when using artificial intelligence for company choices.
So do guarding personal information and showing how
decisions are made. How systems treat people matters
deeply in real-world use.

Table -2: Ethical AI Practices Linked to Stakeholder
Trust

vaaes | Bty [ St
Ethical Al Practices 1 0.842
Stakeholder Trust 0.842 1

Sig. (2-tailed) 0.000

N 110 110

Source: Primary Data

Interpretation

Right away, the number 0.842 shows how closely tied
good Al ethics are to people trusting an organization. It
turns out the result isn’t random - p hits exactly zero,
which means we can rely on it. When companies build
clear rules for Al use and keep decisions open,
confidence grows over time. Trust doesn’t vanish - it
sticks around because actions match words. Outcomes
like loyalty and stability come easier when fairness
guides technology choices.

11. CONCLUSION

Surprisingly, machines now shape how companies
choose their next move. Though they work fast, boost
precision, sometimes skip human delays, problems pop
up too - unfair patterns hide in code, personal data feels
exposed, what happens inside stays unclear.

Trust grows when companies handle AI responsibly,
showing ethics matter just as much as results. Because

clear links appear between fair Al use and confidence
from stakeholders, planning around values becomes
necessary. Not only does oversight shape outcomes, it
also shapes how people view progress. Wherever
decisions unfold in the development chain, choices
rooted in care tend to stick. What happens behind
systems affects front-line faith - proof that doing right
supports lasting success.

So it goes - clear rules must guide how groups handle
smart machines. Openness matters just as much as
guarding private details. Watchfulness keeps things fair
while new tools evolve. Ethics stay steady when
oversight never stops.
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