International Scientific Journal of Engineering and Management (ISJEM) ISSN: 2583-6129
Volume: 04 Issue: 08 | Aug - 2025 DOI: 10.55041/ISJEM04857
An International Scholarly || Multidisciplinary || Open Access || Indexing in all major Database & Metadata

Al-Powered Personality Analysis Using Gemini 2.5 Pro

K. TULASI KRISHNA KUMAR, 2JINAGA CHAITANYA,
ITraining and Placement Officer,’Student - MCA Final Semester,
Master of Computer Applications,
.2Sanketika Vidya Parishad Engineering College, Vishakhapatnam, Andhra Pradesh, India

ABSTRACT:

In the era of artificial intelligence, personality analysis is no longer limited to traditional psychometric assessments. This project,
titled "A4I-Powered Personality Analysis Using Gemini 2.5 Pro", explores the application of Google’s state-of-the-art generative Al
model, Gemini 2.5 Pro, for interpreting human personality traits. By integrating the Big Five Personality Traits (Openness,
Conscientiousness, Extraversion, Agreeableness, and Neuroticism), the system accepts numerical trait inputs and generates
descriptive personality summaries with natural language fluency. The core of the project leverages the Gemini API to ensure
accurate and context-aware content generation. A fallback mechanism ensures reliability by switching to alternate models when
necessary, making the solution robust and fault-tolerant. Additionally, user-friendly functions like take Command and say simulate a
conversational interface for testing and interaction. This project demonstrates the potential of large language models in behavioural
analysis, offering new avenues for applications in HR, mental health, education, and personalized digital experiences. The system
can serve as a foundation for further development in Al-driven personality diagnostics and recommendation systems.

LINTRODUCTION

In today’s digital era, personality assessment has become a crucial component across various domains, including recruitment,
education, and personal development. Traditional methods of personality evaluation, such as psychometric tests and face-to-face
interviews, are often time-consuming, subjective, and prone to human bias. With the advancement of artificial intelligence and
natural language processing (NLP), it is now possible to extract meaningful psychological insights from unstructured textual data,
such as resumes, personal statements, or candidate responses. This paper explores an Al-powered solution that automates
personality analysis using Gemini 2.5 Pro, a cutting-edge multimodal model developed by Google[7].

Gemini 2.5 Pro combines language understanding and contextual reasoning to evaluate linguistic patterns, emotional tone, and
semantic depth. When integrated with machine learning pipelines, it can effectively map text inputs to personality traits based on
established models such as the Big Five (OCEAN) and MBTI. The system begins by preprocessing textual input to ensure clarity
and consistency, followed by deep semantic analysis powered by Gemini 2.5 Pro[9]. The extracted features are interpreted to infer
traits like openness, conscientiousness, extraversion, agreeableness, and neuroticism.

This approach eliminates manual interpretation and speeds up the personality profiling process without compromising accuracy. It
not only enables faster decision-making in hiring and counselling but also provides a more standardized and scalable method for
understanding individual behavioral tendencies. Moreover, the system supports real-time feedback, visualization, and trait-based
recommendations, making it valuable for a wide range of applications from HR management to e-learning and career guidance. By
combining NLP, psychological theory, and multimodal Al, this project aims to transform how personality insights are derived in
modern digital ecosystems[5].

1.1Existing System

Current personality assessment methods rely on structured psychometric tools like MBTI and the Big Five Inventory, which
require individuals to answer fixed questionnaires. In recruitment, HR professionals manually evaluate resumes and conduct
behavioral interviews to assess personality traits. Some automated systems use keyword-based extraction or rule-based logic,
but these lack contextual understanding and semantic depth. Most existing tools cannot effectively analyze unstructured data
such as open-ended responses or narratives[19]. They also struggle with detecting emotional tone and linguistic nuances.
Furthermore, traditional systems are rigid and do not adapt to diverse communication styles. As a result, their insights are often
shallow and inconsistent. These limitations make them unsuitable for large-scale or real-time applications. There is a clear need
for a more intelligent, adaptive, and scalable approach. This forms the basis for the proposed Al-powered system using Gemini
2.5 Pro.

1.1.1 Challenges:
1. Data Complexity and Semantic Understanding

° Processing unstructured inputs like resumes and open-ended text requires robust NLP techniques.

° Extracting emotional tone, intent, and deep semantic meaning remains a difficult task.

° Mapping extracted features accurately to personality traits (OCEAN/MBTI) demands precise model tuning.
2. Fairness, Ethics, and Interpretability

° Ensuring explainability of Al outputs is essential for user trust.

° Addressing algorithmic bias to maintain fairness across different user demographics is critical.

° Ethical concerns arise when analyzing sensitive personality traits without consent or transparency.
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3. System Performance and Integration

° Real-time feedback requires low-latency processing and optimized model performance.
° The system must integrate smoothly with existing HR tools or web platforms.
° Designing a user-friendly interface for non-technical users is a usability challenge.

4. Data Privacy and Generalization
° Safeguarding personal data is crucial, requiring strong encryption and regulatory compliance.
° The system must generalize well across different industries, cultures, and communication styles to remain
effective in diverse use cases.

1.2 Proposed system:

The proposed system leverages Gemini 2.5 Pro, a powerful multimodal Al model, to perform intelligent personality analysis from
unstructured text inputs such as resumes, interview responses, and behavioral transcripts. The system begins with data preprocessing
techniques like tokenization, lemmatization, and stop-word removal to prepare the input for semantic analysis. Gemini 2.5 Pro then
generates contextual embeddings to capture emotional tone, intent, and personality markers. A trait detection module maps these
outputs to recognized personality models such as OCEAN or MBTI [18]. Confidence scores are computed for each trait to ensure
accuracy and reliability. The system displays results through intuitive visualizations such as radar or bar charts. Additionally, it
provides feedback, role suggestions, and development tips based on the user's profile. A web-based interface built using Streamlit or
Flask enables real-time interaction. The architecture is modular, scalable, and easily integrable into HR or educational platforms.
This system aims to deliver fast, accurate, and ethical personality assessments suitable for diverse applications.
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Fig: 1 Proposed Diagram

1.1.2 Advantages:

The proposed Al-powered personality analysis system using Gemini 2.5 Pro offers several key advantages:
° Automated and Scalable Analysis
The system eliminates the need for manual assessments by automatically processing large volumes of textual data, making
it suitable for enterprise-level applications.
. Context-Aware Trait Detection
Leveraging Gemini 2.5 Pro’s deep semantic understanding, the system can accurately detect nuanced personality traits
from complex and unstructured inputs.
. Real-Time Feedback and Visualization
The model generates results within seconds and presents them through intuitive visual formats such as charts and graphs,
enhancing interpretability for users.
) High Accuracy and Consistency
Compared to traditional methods, the system provides more consistent and data-driven results, reducing the subjectivity
often present in manual evaluations.
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° Ethical Design and Privacy Protection

The system incorporates anonymization, secure data handling, and explainable Al principles to ensure ethical compliance
and protect user privacy.

. Easy Integration with Existing Platforms

Built with a modular architecture, the solution can be easily embedded into HR management systems, educational tools,
and web applications with minimal effort.

2.1 Architecture:

The architecture of the proposed system is designed for efficient, intelligent, and automated personality analysis. The user initiates
the process by uploading input in the form of resumes, textual answers, or conversation transcripts. The data is first passed through a
Preprocessing Module, where it undergoes NLP tasks like tokenization, stop-word removal, and lemmatization. The cleaned input
is then fed into Gemini 2.5 Pro, which performs advanced semantic analysis and extracts contextual embeddings[13]. These
embeddings are routed to a Trait Detection Module that aligns the insights with personality frameworks such as OCEAN or MBTI.
The processed trait scores are then handled by the Profile Generation Module, which compiles a comprehensive personality report.
The Visualization & Output Layer presents results using charts and textual summaries for easy interpretation. A User Interface
Layer enables interaction, built with tools like Flask or Streamlit. The entire system is backed by secure storage and API integration
modules. This modular design ensures scalability, real-time feedback, and adaptability to various applications.
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Fig:2 Architecture

2.2 Algorithm

The algorithm starts with the user uploading textual data. The input is cleaned and structured using preprocessing techniques.
Gemini 2.5 Pro then performs semantic analysis to extract contextual embeddings. These embeddings are analyzed for personality-
related linguistic cues. Trait classification is done using mapped features aligned with OCEAN or MBTI. A profile is generated and
formatted with charts and text summaries. The Ul displays these results, while recommendations are also provided. The system loop
includes optional user feedback for future tuning [6].

2.3 Techniques:
This system applies advanced NLP techniques like tokenization, lemmatization, and stop-word removal. Gemini 2.5 Pro leverages
transformer-based attention models to extract deep semantic insights from the input. Trait mapping uses rule-based logic and
probabilistic models for alignment with psychological frameworks. Visualization tools like radar charts and bar graphs are used for
clear output. Scoring mechanisms ensure confidence and accuracy in trait detection. A modular Ul framework allows for real-time,
user-friendly access.

2.4 Tools:

The development and implementation of the proposed system leverage a combination of advanced software tools and libraries.
Gemini 2.5 Pro, Google’s multimodal Al model, forms the core of the semantic and contextual analysis engine [11]. For natural
language preprocessing and feature extraction, Python serves as the primary programming language, supported by libraries such as
NLTK and spaCy. Pandas and NumPy are employed for efficient data manipulation and vector processing. Visualization of
personality traits is handled using Matplotlib and Plotly, enabling intuitive graphical representations such as radar and bar charts.
The Streamlit or Flask web frameworks are used to build an interactive and responsive user interface. For trait classification and
optional model validation, Scikit-learn offers machine learning utilities. Finally, Git and GitHub are used for version control and
collaborative development. The choice of these tools ensures the system is modular, scalable, and easy to maintain.
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2.5 Methods:

The system utilizes a combination of Natural Language Processing (NLP), semantic analysis, and psychological trait mapping
methods. Initially, the input text (resumes, essays, or transcripts) is processed through standard NLP methods such as tokenization,
stop-word removal, and lemmatization to clean and structure the data. The cleaned text is passed into Gemini 2.5 Pro, which uses
transformer-based attention mechanisms to generate deep contextual embeddings that capture sentiment, tone, and personality
indicators. These embeddings are analyzed using a trait mapping method, which compares the semantic content against predefined
psychological frameworks such as the OCEAN model (Openness, Conscientiousness, Extraversion, Agreeableness, Neuroticism)
and MBTI (Myers-Briggs Type Indicator). A rule-based and probabilistic approach is applied to assign personality traits along with
a confidence score, enhancing interpretability and trust.

Finally, the extracted personality profile is rendered using visual methods such as radar charts and bar graphs, making the output
easy to understand for both users and evaluators. These methods collectively support an end-to-end pipeline for real-time, scalable,
and accurate personality analysis [2].

[II. METHODOLOGY

3.1 Input:

The system is designed to accept a variety of textual inputs that reflect an individual’s communication style, thought process, and
behavioral cues. The primary input includes resumes, personal statements, cover letters, text transcripts, and free-form responses to
predefined questions. These documents are typically submitted in standard text formats such as .txt, .docx, or .pdf.To ensure
linguistic richness and adequate content for analysis, the input must meet a minimum word threshold, typically around 150-200
words. This allows Gemini 2.5 Pro to effectively extract deep semantic and emotional features. The system interface also allows
users to manually type responses or upload files directly through the user-friendly front-end interface built using Streamlit or
Flask.All input data undergoes a preprocessing stage where unnecessary symbols, stop words, and formatting artifacts are removed,
and the text is normalized. This refined input becomes the foundation for feature extraction and trait analysis. Additionally, user
metadata such as name, email, and job role (if applicable) may be optionally collected to personalize the final output report or
recommendation [16].

3.2 Method of Process:

The processing pipeline consists of several sequential steps that transform raw input into meaningful personality insights.

1.First, the textual input is collected and sent through a preprocessing module, where it undergoes cleaning, tokenization, stop-word
removal, and lemmatization using NLP libraries such as spaCy or NLTK.

2.The cleaned text is then passed to Gemini 2.5 Pro, which applies a transformer-based semantic encoder to generate deep language
embeddings that capture the tone, sentiment, and psychological cues present in the text.

3.These embeddings are analyzed using a hybrid technique combining rule-based mapping and probabilistic classification to assign
scores to specific traits.

A trait analysis module compares these scores to psychological benchmarks and constructs a structured personality profile. The final
step involves visualization and formatting, where the profile is rendered into easy-to-read graphs and descriptions. The user
interface displays this output while allowing real-time interaction and feedback.

3.3 Output:

The output of the system is a detailed and structured personality profile report generated from the processed input data. This report
includes a breakdown of personality traits based on the Big Five (OCEAN) and optionally MBTI models. The report highlights key
traits such as Openness, Conscientiousness, Extraversion, Agreeableness, and Neuroticism, each rated on a scale from 0 to 100. In
addition to numeric scores, graphical visualizations such as radar charts and bar graphs are used to make the output intuitive and
interpretable.The system also generates career recommendations, behavioral insights, and suggestions for self-improvement based
on the user’s trait distribution. Users can download the report in PDF format or view it directly via the web interface. The output is
personalized, concise, and suitable for use in recruitment systems, academic assessments, or personal development tools [11].
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The system was evaluated using a dataset of 100 text samples, including resumes, essays, and job application responses. Each input
was analyzed using Gemini 2.5 Pro, and the generated personality profiles were compared with manually evaluated benchmarks.
The system demonstrated a high correlation with human judgments, with an overall accuracy of 87% in personality trait prediction.
Traits from the OCEAN model were successfully extracted and visually represented using radar and bar charts. The MBTI profiling
also showed reasonable consistency, particularly in introversion—extraversion and thinking—feeling dimensions [1]. Users reported
that the personality descriptions were insightful and accurate, and the career suggestions were contextually appropriate. The
response time was efficient, averaging less than 5 seconds per input. The tool performed well across varied text lengths, maintaining
coherence even in informal language. The results confirm the viability of using Gemini 2.5 Pro for scalable, explainable personality
profiling.

V. DISCUSSIONS:

The analysis reveals that leveraging Gemini 2.5 Pro for personality detection offers a promising advancement in Al-driven
behavioural profiling. The model effectively interprets nuanced language patterns to classify traits aligned with psychological
standards such as OCEAN and MBTI. One notable strength is its ability to adapt across formal and informal text inputs, delivering
consistent performance. However, minor inconsistencies were observed when processing highly ambiguous or abstract responses,
indicating the need for model tuning in edge cases. The integration of visual outputs enhanced interpretability and engagement for
non-technical users. Moreover, career and personality alignment suggestions received positive feedback from participants,
emphasizing real-world utility. The system also outperformed traditional rule-based models in terms of depth and contextual
understanding. These findings suggest strong applicability in recruitment, education, and personal development. Overall, the
discussion highlights the balance between Al-driven precision and psychological relevance achieved by the system [16].
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VI. CONCLUSION:

This paper presented a novel approach to automated personality analysis using the advanced capabilities of Gemini 2.5 Pro. By
integrating natural language processing and psychological modelling, the system successfully extracts meaningful personality traits
from textual input. The results confirm its accuracy, efficiency, and potential for real-world applications in recruitment, education,
and personal development. The tool's strength lies in its deep semantic analysis, user-friendly interface, and reliable trait prediction.
Visual representation of profiles further enhances usability and interpretation for non-technical users. While the system performs
effectively, minor challenges with abstract or ambiguous inputs suggest opportunities for future refinement. Overall, the project
demonstrates that AI, when aligned with psychological theory, can offer scalable and insightful solutions for understanding human
personality. The findings validate the practical relevance of using LLMs like Gemini 2.5 in psychological profiling.

VII. FUTURE SCOPE:

While the current system efficiently analyzes text-based personality traits, future enhancements can expand its capabilities to
multimodal inputs such as voice, facial expressions, and video interviews. Integrating emotion detection from speech or facial
micro-expressions can provide a richer and more holistic understanding of personality. Additionally, incorporating support for
regional languages and cultural adaptation would make the tool more inclusive and globally applicable. Real-time integration with
job portals, academic platforms, and HR systems can transform it into a practical tool for large-scale behavioural screening.
Enhancing the explainability of Al decisions with transparent model outputs could also improve trust and adoption. Long-term
studies could validate the model's predictions against actual behavioural outcomes, further strengthening its credibility. Research
into bias mitigation and ethical Al usage will also be vital for responsible deployment
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