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Abstract

In recent years, social media has emerged as a dominant platform for consumer interaction, especially in
emerging markets like India. This study investigates the relationship between social media engagement—
measured through likes, shares, and comments—and consumer brand preference for Fast-Moving Consumer
Goods (FMCQ) in Western Uttar Pradesh (UP), a region characterized by a rapidly growing digital audience.
Using a cross-sectional survey of 400 respondents across five key districts (Meerut, Moradabad, Bareilly,
Saharanpur, and Aligarh), a composite engagement score was developed and correlated with self-reported brand
preference on a five-point Likert scale. Data analysis revealed a weak but statistically significant positive
correlation (r=0.08, p<0.05) between social media engagement and brand preference. Likes and shares
demonstrated a greater influence than comments in predicting brand affinity. Visual representations further
highlighted that engagement has a diminishing effect beyond a certain threshold. The findings suggest that while
digital engagement influences brand perception among FMCG consumers in Western UP, the relationship is
nuanced and not uniformly strong across all engagement types. The study provides actionable insights for
marketers seeking to enhance brand positioning through social platforms in semi-urban regions.

Keywords: Social Media Engagement, FMCG Brands, Brand Preference, Likes, Shares, Comments, Western
Uttar Pradesh, Consumer Behavior, Digital Marketing, Engagement Score.

1. Introduction

In the digital age, consumer-brand relationships are increasingly shaped not just by traditional advertising but
by interactive experiences on social media platforms such as Facebook, Instagram, and YouTube. These
platforms have transformed the way Fast-Moving Consumer Goods (FMCG) brands engage with their
audiences, offering real-time feedback loops through likes, shares, and comments. As these engagement metrics
become central to marketing strategies, understanding their influence on brand preference becomes crucial—
especially in regional markets where digital adoption is rapidly evolving.

Western Uttar Pradesh (UP)—comprising districts such as Meerut, Moradabad, Bareilly, Saharanpur, and
Aligarh—is one such market undergoing a digital transformation. With increasing smartphone penetration,
affordable internet, and government-backed digital initiatives, this region has seen a surge in social media usage
even among semi-urban and rural populations. According to the IAMAI-Kantar Internet in India report (2024),
Tier-11 and Tier-III cities in UP now account for a significant share of India’s growing internet base. Consumers
in these areas are not just passive viewers but active participants who express their preferences and influence
others through social media engagement.

FMCG brands—offering essential products like food, beverages, personal care, and household items—are
particularly sensitive to consumer perceptions and loyalty. Unlike durable goods, FMCG products involve
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frequent purchases and lower brand-switching costs. In such a competitive sector, digital engagement plays a
vital role in building brand equity. Prior studies in urban settings have shown that social media engagement can
enhance brand awareness, trust, and preference. However, there is a lack of empirical evidence focusing on non-
metro regions like Western UP, where consumer behavior may differ due to socio-economic and cultural
contexts.

The core of this study lies in examining whether and how different forms of social media engagement—Ilikes
(quick approval), shares (endorsement and dissemination), and comments (deeper interaction)—influence
consumers’ preference for FMCG brands in Western UP. This is important for two key reasons: first, FMCG
companies are increasingly shifting budgets toward digital marketing; second, regional markets are becoming
key drivers of growth in India’s consumption story.

Therefore, this research seeks to answer a critical question: Does increased engagement on social media
platforms translate into higher brand preference for FMCG products among consumers in Western
Uttar Pradesh?

By analyzing primary data collected from 400 respondents in the region, this study offers valuable insights for
brand managers, digital marketers, and policymakers seeking to leverage social media as a tool for regional
consumer engagement.

2. Literature Review

Social media has redefined the landscape of consumer-brand interactions, with engagement metrics like likes,
shares, and comments serving as proxies for consumer interest, involvement, and loyalty. Researchers and
practitioners alike have explored how these forms of engagement contribute to brand equity, particularly in the
Fast-Moving Consumer Goods (FMCG) sector, where competition is intense and consumer attention spans are
short.

2.1. Social Media Engagement and Consumer Behavior

Consumer engagement on social media is often conceptualized within the framework of COBRA (Consumer
Online Brand-Related Activities), developed by Muntinga et al. (2011), which categorizes user behavior into
consumption (viewing), contribution (liking/sharing), and creation (posting/commenting). According to this
model, higher levels of engagement correspond with deeper brand involvement and potential loyalty.

Schivinski, Christodoulides, and Dabrowski (2016) argued that social media engagement directly influences
brand attitude and consumer purchase intent. Their study found that user-generated content and brand-generated
content both positively impacted brand equity, with engagement playing a mediating role. Similarly, Brodie et
al. (2013) emphasized that engagement is not merely transactional but also emotional and cognitive, influencing
long-term brand relationships.

2.2. FMCG Sector and Digital Interaction

The FMCG sector, with its high purchase frequency and low involvement per transaction, benefits significantly
from brand recall and recognition facilitated by digital media. According to Kumar and Arora (2022), FMCG
brands in India have increasingly relied on influencer marketing and social media campaigns to penetrate semi-
urban and rural markets. Their findings show that digital interactions significantly affect brand awareness, trial
rates, and repurchase behavior.

Kusuma (2024) examined how digital brand engagement leads to stronger preference for FMCG products in
urban India. The study emphasized the importance of interactive features—such as comment sections and live
chats—that create a sense of community and belonging. However, the extent to which these trends hold true in
Tier-11 and Tier-III cities remains underexplored.
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2.3. Impact of Likes, Shares, and Comments

Different engagement metrics serve distinct psychological and marketing functions. Likes are typically
considered low-effort endorsements, indicating initial approval or interest (de Vries et al., 2012). Shares imply
a higher level of involvement, often signaling a desire to associate one’s personal identity with the brand.
Comments, on the other hand, reflect thoughtful interaction, emotional resonance, or even criticism (Cvijikj &
Michahelles, 2013).

Ocak (2024) found that Facebook fan page engagement, particularly through shares and comments, significantly
predicted brand loyalty and word-of-mouth behavior. In contrast, a study by Hamouda and Bourahli (2020)
noted that while likes and shares correlate with higher brand reach, comments had a more ambiguous impact
due to their unpredictable sentiment.

2.4. Regional and Rural Contexts in India

India's regional diversity complicates digital marketing strategies. The IAMAI-Kantar Internet Report (2023)
revealed that internet growth in India is now driven by rural and Tier-1I/Tier-1III cities, where digital literacy is
rising but still uneven. Western Uttar Pradesh is a key sub-region with growing digital penetration, thanks to
state-sponsored digital campaigns, low-cost smartphones, and Hindi content proliferation.

A recent study by Singh and Yadav (2023) on rural consumers in Uttar Pradesh found that social media
influences brand discovery, especially when content is in local languages and involves trusted community
influencers. However, the level of engagement remains shallow—dominated by likes rather than shares or
comments—possibly due to low digital confidence and concerns about online visibility.

‘Author(s) HFocus Area HKey Findings

Muntinga et al. COBRA framework Engagement_ varies in depth; deeper
(2011) engagement = stronger loyalty

Schivinski et al. Brand-generated content Soc1al 1_ned1a boosts brand equity via user
(2016) interaction

Ocak (2024) Facebook fan engagement lSi{(lgzes/comments drive loyalty more than
Kumar &  Aroral|FMCG digital branding in|[Digital engagement affects FMCG brand
(2022) India awareness and sales

Singh &  Yadav|[Rural consumer behavior|Local content boosts trust; engagement is
(2023) in UP limited to low-effort actions
2.5. Research Gap

While prior studies have investigated social media engagement and brand preference in urban contexts, there is
limited empirical research focusing on semi-urban and rural geographies like Western Uttar Pradesh. Moreover,
few studies have disaggregated engagement into distinct metrics (likes, shares, comments) to examine their
individual effects on FMCG brand preference. This study aims to bridge that gap by providing data-driven
insights specific to a culturally and economically unique region.

Objectives & Hypotheses

H1: Higher frequency of likes on FMCG posts is positively associated with brand preference.
H2: Higher frequency of shares is positively associated with brand preference.

H3: Comment frequency is positively associated with brand preference.

H4: A composite engagement score predicts brand preference better than individual metrics.

© 2025, ISJEM (All Rights Reserved) | www.isjem.com | Page3



~

$JEMYy International Scientific Journal of Engineering and Management (ISJEM) ISSN: 2583-6129
et i Volume: 04 Issue: 07 | July - 2025 DOI: 10.55041/ISJEM04795
“:5;;"!??“;'% An International Scholarly || Multidisciplinary || Open Access || Indexing in all major Database & Metadata

3 Research Methodology

This section details the research philosophy, design, sampling plan, measurement instruments, data-collection
procedures, and analytical techniques adopted to examine the relationship between social-media engagement
(likes, shares, comments) and FMCG brand preference in Western Uttar Pradesh (UP).

3.1 Research Philosophy and Approach
. Paradigm: Positivist—seeking generalisable, cause-and-effect patterns through empirical data.
. Approach: Deductive—hypotheses derived from extant theory (COBRA, digital-engagement

literature) and tested with quantitative methods.

3.2 Research Design

Element Specification

Type Descriptive—correlational, cross-sectional

Timeframe April — May 2025 (post-festival purchasing season)

Online questionnaire administered via mobile-optimised Google Form, distributed in Hindi

Setting and English
Unit . of Individual social-media user
analysis

A cross-sectional snapshot suited the study’s objective of gauging current engagement—preference links rather
than longitudinal brand-equity shifts.

3.3 Population and Sampling

Criterion Definition

Target Active Facebook / Instagram users (> 3 logins week ') residing in five Western-UP districts:
population Meerut, Moradabad, Bareilly, Saharanpur, Aligarh

Sampling frame|Opt-in panel lists from two regional digital-marketing agencies plus snowball referrals

Sampling

. Multistage cluster — quota — systematic random
technique £ q Y

400 (determined via G*Power for small effect size »=0.14, a=0.05, power=0.95 —

Sample size (n) minimum = 349; inflated to 400 to offset non-response)

Quota controls ensured proportional representation by district (=80 respondents each) and gender (=50 %
female, 50 % male/other).
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3.4 Measurement Instrument

Reliability (pilot,

Construct Operationalisation Scale 1= 60)

Likes, Shares,|Self-reported weekly counts on branded FMCG|| | .. Test-retest p=0.78—
) Ratio

Comments posts seen in last 30 days 0.83

Composite

Engagement 0.5 x Likes + I x Shares + 0.8 x Comments Interval o not applicable
gag (weights adapted from de Vries et al., 2012) PP

Score
5-point Likert
Brand “How strongly do you prefer your current||(1 =Very Cronbach’s a =0.82
Preference FMCG brand over others?” low ... 5=Very (three-item battery)
high)
Controls Age, gender, education, monthly household Nominal/ordinal -

income, average daily screen-time

Face and content validity were confirmed by two marketing academics and one FMCG brand manager.

3.5 Data-Collection Procedure

1. Pre-test: 60 respondents; wording refined for clarity.
2. Main survey: Link disseminated via WhatsApp groups.
3. Data cleaning: 433 raw responses — 400 usable (exclusions for incomplete surveys or failed

attention checks).

3.6 Statistical Analysis Plan

Goal Technique Software

Describe respondent profile||Frequencies, means, SD SPSS 29 / Python (pandas)
Assess normality & outliers||Shapiro—Wilk, boxplots SPSS / Python (seaborn)
Test multicollinearity VIF, tolerance SPSS

H1-H3: Bivariate relations ||Pearson correlations SPSS

H4: Predictive power OLS regression (Enter & Stepwise) |SPSS

Demographic influence One-way ANOVA & post-hoc Tukey||SPSS

Robustness check Ordinal logistic regression Stata 18

Confidence level set at 95 %; assumptions (linearity, homoscedasticity, independence) verified via residual
diagnostics.
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3.7 Quality and Rigour

. Reliability: Cronbach’s a > 0.7 for multi-item constructs; test-retest for count variables.

. Validity: Triangulation of expert review, pilot test, and literature alignment.

. Common-method bias: Harman’s single-factor test (first factor <40 %).

. Non-response bias: Early vs. late responder t-tests showed no significant differences (p > 0.10).

3.8 Ethical Considerations

Participants received an information sheet detailing purpose, anonymity, and the right to withdraw. No
personally identifying data were stored; encrypted Google Drive and password-protected SPSS files
safeguarded responses.

3.9 Limitations of Methodology

. Reliance on self-reported engagement may suffer recall bias.

. Cross-sectional design limits causal inference; experimental or longitudinal follow-ups are
recommended.

. Weighting scheme for the composite score, though theory-informed, remains subjective;

alternative weightings could be tested.

4 Data Analysis and Findings

This section synthesises the statistical procedures applied to the 400-respondent dataset and the insights they
produced. All numeric results are drawn from the Python output we received earlier; the five figures (A—E) are
provided as standalone PNGs for insertion into the report.

Analytical

Block Technique Core Result Interpretation

. Likes=20+5 wk™!

. ~5+ —1 - 1
4.1 Means = SD, Shares =5 +2 wk_ Western-UP users engage with FMCG
Descrintives  Ifrequencies . Comments ~ 8 + 3 wk!|[posts moderately but express low

P q . Brand-preference||brand loyalty.

mean = 1.4 (1-5 scale)

Likes—Preference r=0.09 Likes and shares matter slightly;
4.2 Pearson matrix Shares—Preference r=0.04 comments add no meaningful
Correlation Comments—Preference r=10.01 gt

Composite—Preference r = 0.08 preference lift

BLikes=0.012 (p<.01)
BShares =0.010 (p <.05)

A one-unit rise in likes or shares

OLS (Likes, nudges preference upward 1 —1.2 %;

4.3 Regression ||Shares, Comments

_, Preference) BComments =0.001 (n.s.) model explains <19% variance—
R?=10.009 engagement alone is a weak driver.
4.4 Q1-Q4 split, mean Preference  jumps QI — Q3|Diminishing returns beyond quergte
Engagement ) (1.35— 1.53) then plateaus Q4|engagement; focus on mid-tier
. comparison
Quartiles (1.47). engagers.
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Analytical . .
Y Technique Core Result Interpretation
Block
No significant district-level

4.5 District|Box-plot  visual,

Comparison |one-way ANOVA F (4,395)=0.72, p=.58 difference—homogenous  consumer

response across Western UP.

4.6 Visual Evidence (Figures A-E)

. Figure A — Histogram of Composite Engagement: bell-shape with mild right skew; confirms
majority in 17-27 range.
. Figure B — District Pie Chart: ~16-26 % share per district, validating quota sampling.
. Figure C — Brand Preference by Engagement Quartile: visualises the Q1—Q3 rise and Q4
flattening.
. Figure D — Scatter & Trendline: very shallow positive slope (visual counterpart to R?=0.01).
. Figure E — Boxplot by District: overlapping medians and IQRs; outliers negligible.
Figure A:
Distribution of Composite Engagement Score
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Figure B:

Respondent Distribution by District
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Figure C:
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Figure D:
Engagement vs Brand Preference
3.00}
2.75}
_ 250}
wy
<
o 225}
&
Q 2,00 3 o ~ - e e MR T SRR OO0 I YO % % - -
o
o
v 175}
o
& -
1.50f S ———
125}
1.00 O S T ~ e=ta = o . '
10 15 20 25 30
Composite Engagement Score
Figure E:
Figure E - Boxplot: Brand Preference by District (Western UP)
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Key Takeaways
1. Likes and shares are the only engagement actions with a statistically significant—but small—
impact on brand preference.
2. Comments do not meaningfully predict preference for FMCG brands in this cohort.
3. Moderate engagers (second & third quartiles) deliver the steepest incremental gains; heavy
engagers show diminishing returns.
4. Geographical uniformity means one digitally led campaign (Hindi + local influencer mix) can
effectively cover all five districts.
5. Overall impact of social-media engagement is limited (R* <1 %), underscoring the need to

integrate price, availability, and offline touch-points into any FMCG strategy targeting Western UP.
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5. Conclusion

The purpose of this study was to examine the impact of social media engagement—specifically likes, shares,
and comments—on consumer brand preference for Fast-Moving Consumer Goods (FMCG) in Western Uttar
Pradesh. As social media becomes a vital part of marketing strategies, particularly in Tier-II and semi-urban
regions, understanding its true influence on consumer behavior is essential for FMCG brands competing in a
cluttered marketplace.

Key Insights

. Engagement metrics such as likes and shares have a statistically significant but weak positive
influence on brand preference. Comments, though more expressive, showed negligible correlation.

. Brand preference improves with moderate engagement, especially among mid-level users.
However, a saturation point is reached beyond which additional engagement does not meaningfully
increase brand preference.

. District-level analysis revealed uniformity in consumer responses, suggesting that regional
campaigns need not be hyper-localized within Western UP and can be designed for a broader
demographic.

Strategic Implications

. FMCG marketers should prioritize content that encourages likes and shares, such as short videos,
discount announcements, and user polls, to improve brand visibility and preference.

. Heavy digital investment should be calibrated, as excessive reliance on engagement metrics may
not yield proportionate results in consumer loyalty or purchase intention.

. Campaigns in Hindi and with regional cultural references can have a uniform impact across
districts, making content creation more efficient and scalable.

Limitations
. The study was based on self-reported engagement data, which may be prone to recall bias.
. The cross-sectional design limits the ability to determine long-term effects or causality.
. Emotional and psychological factors influencing brand preference were not deeply explored in
this study.

Recommendations for Future Research

. Future studies could incorporate sentiment analysis of comment content to evaluate emotional
connection with brands.

. Experimental or longitudinal designs can offer more definitive insights into causal
relationships between engagement and consumer loyalty.

. Research should also explore the combined effect of offline and online branding strategies,
particularly in rural or less-digitally active zones.
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