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ABSTRACT: This journal investigates the use of Twitter sentiment analysis for recruitment goals. The Tweedy Python module was used to gather tweets containing specified keywords linked to job vacancies, and then sentiment analysis was used to each tweet to evaluate whether it was good, negative, or neutral. The findings demonstrated that sentiment analysis on Twitter can provide useful insights into candidates' personalities, hobbies, and attitudes, allowing recruiters to assess candidates' fit for the organisation. This strategy, however, has limitations and should be utilised as a supplement to the recruitment process. Overall, social media platforms such as Twitter have the potential to play a growing role in identifying the right talent for businesses.
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1. INTRODUCTION
It is essential for any organisation's success that it recruits the best talent, but time and effort can also be required to identify and select candidates. As social media networks become more and more popular, recruitment firms are relying on these platforms to meet the growing demand for candidates. Twitter is one such site, a microblogging service which allows users to talk with each other about their ideas and thoughts by means of messages that are known as tweets. Yet, with millions of tweets going out every day, Recruiters may find it difficult to identify the right candidates.
That's where sentiment analysis comes into play. In order to identify the emotions or feelings underlying a given text, sentiment analysis consists of computational linguistic processing and computer algorithms based on artificial intelligence. Recruiters can find prospective candidates with a positive outlook and an ability to work hard, by analysing the opinions of Twitter about specific jobs or industries. I'll look at recruiting through Twitter sentiment analysis and give an overview of my experience working on this method as regards the identification of potential candidates by means of this journal entry.
2. LITERATURE REVIEW
2.1 Lexicon-Based Ensemble Classification Sentiment Analysis
Lukasz Augustyniak, Piotr Szymanski, Tomasz Kajdanowicz and Włodzimierz Tuligłowicz’s work, et al. [1] on Comprehensive study on lexicon-based ensemble classification sentiment analysis proposed a novel method for counting sentiment orientation that outperforms supervised learning approaches in time and memory complexity and is not statistically significantly different from them in accuracy. Our method consists of a novel approach to generating unigram, bigram and trigram lexicons. The proposed method, called frequentism, is based on calculating the frequency of features (words) in the document and averaging their impact on the sentiment score as opposed to documents that do not contain these features. Afterwards, user use ensemble classification to improve the overall accuracy of the method. What is important is that the frequentism-based lexicons with sentiment threshold selection outperform other popular lexicons and some supervised learners, while being 3–5 times faster than the supervised approach
2.2 Real Time Extraction and Processing of Social Tweets
B. M. Bandgar and Binod Kumar’s work on Real time extraction and processing of social tweets, et al. [2] has become one of the most popular microblogging platforms recently. Millions of users can share their thoughts and opinions about different aspects and events on the micro-blogging platform. Therefore, Twitter is considered as a rich source of information for decision making and sentiment analysis. Obtaining the real time tweets on the particular topic is one of the challenging tasks. There are a number of related publications, 25 but which have limitations; also, their methods are not much clear and mostly based on Linux based systems and uses integrated tools, which is most complex job. Therefore, in this research paper we develop the indigenous Windows based user-friendly application in Java to extract, process and classify the real time social network tweet.

2.3 Sentiment analysis of social media profiles can help recruiters.
A study conducted by Garcia-Santos et al. (2018) found that sentiment analysis of social media profiles can help recruiters to identify job candidates who possess certain desirable traits such as extroversion, conscientiousness, and emotional stability. The study used a combination of sentiment analysis and personality analysis to analyze the social media profiles of potential job candidates and found that these two methods can be effective in predicting job performance.
2.4 Twitter sentiment analysis in the recruitment of software developers.
A study conducted by Cao et al. (2018) focused on the use of Twitter sentiment analysis in the recruitment of software developers. The study found that sentiment analysis can be an effective tool for identifying potential candidates with the necessary technical skills, as well as positive attitudes towards their work and the industry.
2.5 sentiment analysis of social media profiles.
Garcia-Santos et al. (2018) conducted a study to investigate the use of sentiment analysis and personality analysis in recruitment. The study aimed to identify the relationship between sentiment expressed in social media profiles and job performance, as well as to determine whether sentiment analysis and personality analysis can be used together to predict job performance.
The study involved analysing the social media profiles of 252 participants using sentiment analysis and personality analysis. The participants were also asked to complete a self-assessment of their job performance. The results of the study showed that sentiment analysis can be used to predict job performance, and that this prediction can be improved when combined with personality analysis.
The study found that candidates who expressed positive sentiments in their social media profiles were more likely to have higher job performance scores compared to those who expressed negative sentiments. Additionally, candidates who scored high on certain personality traits, such as extroversion, conscientiousness, and emotional stability, were also more likely to have higher job performance scores.
The study also highlighted some limitations of using sentiment analysis and personality analysis in recruitment. One of the main limitations was the potential for bias in the algorithms used for sentiment and personality analysis. The study recommended that recruiters should use these tools in combination with other recruitment methods to ensure a comprehensive and unbiased hiring process. 
3. PROPOSED METHODOLOGY
3.1 Identify keywords.
The first step is to identify keywords that are relevant to the job position or industry. This can be done by researching the job description and the industry and selecting keywords that are commonly used in tweets related to these topics.
3.2 Collect tweets.
The next step is to collect tweets that contain the identified keywords. This can be done using Twitter's API or third-party tools that allow for the collection of tweets based on specific keywords.
3.3 Pre-process data
Pre-processing the collected tweets involves removing noise, such as stop words, punctuation, and URLs. It also involves cleaning the data, such as removing duplicate tweets and retweets.
3.4 Sentiment analysis
The next step is to perform sentiment analysis on the pre-processed tweets. This involves using natural language processing and machine learning algorithms to classify the tweets into positive, negative, or neutral sentiment.
3.5 Candidate identification
The final step is to identify potential job candidates based on their sentiment in the analyzed tweets. Candidates who express positive sentiment towards the job position or industry are more likely to have a positive attitude towards work and be a good fit for the job.

4. DATA SET
To carry out a recruitment study using sentiment analysis of Twitter, it is essential to acquire an appropriate dataset. This dataset should relate to the job position or industry and include tweets expressing emotive views related to the job. 
There are various methods of collecting a dataset, such as utilizing Twitter's API or third-party programs that permit collection grounded on specific keywords. One major limitation when using Twitter's API is the maximum number of tweets per search query and also limitations on data usage for commercial purposes. 
Job recruiters can follow four primary steps to collect a dataset. Firstly, they need to identify the right keywords pertinent to a particular industry or job position. After this, they can use Twitter's API or any third-party tool for collecting tweets containing the identified keywords. Subsequently, it is essential to preprocess the collected tweets by removing noise and filtering out irrelevant ones while cleaning up the data simultaneously. Finally, recruiters need to analyze sentiment based on natural language processing and machine learning algorithms to identify potential candidates suitable for specific requirements. To uphold journalistic ethics and integrity, it is crucial to obtain consent from individuals before diving into analyzing their social media profiles or tweets. Besides, upholding privacy for all parties involved should always remain a top priority.
5. DATA PRE-PROCESSING
Data preparation is a key step in applying sentiment analysis to analyse Twitter data for recruitment. It entails cleaning and converting the gathered tweets so that they may be analysed for sentiment. The following are some of the most common steps in data preprocessing.
5.1 Text cleaning: The first step is to remove superfluous noise from the text, such as stop words, punctuation, URLs, mentions, and hashtags. Regular expressions or pre-built libraries such as NLTK (Natural Language Toolkit) or Spacy can be used to accomplish this.
5.2 Tokenization is the process of separating cleaned text into individual words or tokens. This is possible with pre-built libraries such as NLTK or Spacy.
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Fig 1.Word Tokenization
5.3 Stemming or lemmatization is the process of reducing words to their base form in order to decrease duplication and simplify analysis. This is possible with pre-built libraries such as NLTK or Spacy.
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Fig 2. Stemming or lemmatization
5.4 Removing duplicates: Duplicate tweets or retweets must be removed from the dataset to avoid bias and guarantee that the analysis is based solely on unique tweets.
5.5 Filtering entails deleting irrelevant or non-contributing tweets from the analysis. Tweets containing harsh language or irrelevant topics, for example, can be filtered away.
5.6 Data labelling: To prepare the data for sentiment analysis, the next step is to label it with sentiment categories such as positive, negative, or neutral.

6. MODEL BUILDING
Once the data preprocessing is complete, the next step is to build a sentiment analysis model to analyze the sentiment of the collected tweets. Below are the usual steps to create a sentiment analysis model
6.1 Feature extraction:
The first step is to extract features from the preprocessed text data. Convert text data into a numeric representation that can be used as input to machine learning algorithms. Common techniques for feature extraction are bag-of-words, term frequency-inverse document frequency (TF-IDF), and word embeddings.
6.2 Splitting the dataset:
The next step is to split the dataset into a training set and a test set. The training set is used to train the machine learning model and the test set is used to evaluate the model's performance.
6.3 Choice of machine learning algorithms:
There are various machine learning algorithms that can be used for sentiment analysis. B. Naive Bayes, Support Vector Machines (SVM), and Neural Networks. The choice of algorithm depends on the size of the dataset, the complexity of the problem, and the level of accuracy required.
6.4 Model training:
The next step is to train a machine learning model using the training dataset. This involves fitting the model to the training data and fine-tuning the parameters to minimize errors. Model evaluation:
After the model is trained, it is evaluated against the test dataset to measure its performance. Common metrics used to evaluate sentiment analysis models are accuracy, precision, recall, and F1 score.
6.5 Application of the model:
The final step is to apply the trained model to the collected tweets to classify them into positive, negative, or neutral sentiment. This can be done by feeding the preprocessed text data into the model and getting the predicted sentiment labels.
It is important to note that the model building procedure may vary depending on the research question and dataset used. Additionally, it is important to ensure that ethical considerations are taken into account when creating models. B. Avoid biased data and respect privacy. 
 7. RESULT
Twitter sentiment analysis has proven to be a valuable tool in the hiring process. It helped me understand the candidate's personality and assess their suitability for the company. I was able to identify candidates who shared the same values ​​as the company and had a positive attitude towards work. Sentiment analysis also helped spot red flags in a candidate's personality, such as negative attitudes and controversial opinions.  [image: A picture containing text, electronics, indoor, monitor
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Fig 3. Twitter analysis Score

8. CONCLUSION
Twitter sentiment analysis can be a powerful tool for recruitment purposes. It provides valuable insight into a candidate's personality, interests, and opinions, allowing recruiters to assess their suitability for the company. Although this approach has its limitations, it can be used as a complementary tool during the recruitment process to identify the best candidates for the position. As social media continues to play an increasingly important role in our lives, it's imperative that recruiters use these platforms to identify the right talent. 
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